LeVER & S N R TR iR AR B P 5T
Bl s b i B2

— VA REZTHH

% REX

ERX#F¥

R E IFERMIPARENABEFM_BEIVIRNMEABRR Z. RIFRETHTFRS
REEFRMESNTIBFRHADLEIM. AW INHFRENBREIFTRIGRET
FRIDRAR . BEH DYIE AR R, G B U7 2 2 1T O 3k B W B4R 1R & A B BEE (linear mixed-
effects modeD BT BRAR, MM R EFIRMF B ETHTRBELSNERRE P HHRAT.
FXU REFHEHES . FENATHERARERSRURBASTRDBEVRE. SR
MG, ARG EAREE SRR BRERMT —ErEE.

xX@N BEMNKRE BHPE RIET KiHLH

— RIBARMRZEER

P e R P B AR BR 3 17 0 B & IR BE (saccade) I 3 ¥ (fixation) . ERBERBEMNE
SR X358 o) S SR DX 3532 B o 7 A0 U R R R R AE X R A RS, B T YK R Bk 22 1R G 40
—BUR, HELBR P, AMNEEENERFRBEEN(EEMNS 2013), FHiEBSTX
Fot, FHRBEEER N 7 B 9 NMER, TR HZE 200 B 300 EW AR, HEKZT,
PP CAR, PR RBEER Y 2 B 3 MR, FHRERR K SRES T CFHLE
BIAR K (Zang et al. 2011 ), IRFEER T MATSER BB 3, A it &8 B3] 2 80 B3 s &8
S, BB, BEREEFNER—BE 10%~15%E4H. BT EHR, BigdBHRE
FEREBWBEAR., fln, ZXEFERE, KA 5T ATBBENRE. HHZ2T,.B%
65 %% B B 17 AT BR A 12 Bk 3F (Just & Carpenter 1980 ), WX R, MEPHBIT RS
. F.XELHFHEHEEXNE W (Juhasz & Pollatsek 2011; Rayner & Liversedge
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2011, AZEHBM T GERM T (Yiet al. 201D FMAFIMTEEMA M. EHCH
RO, KEHREZA, PXREZAAAR NF/ABERE . DFE/AERK . IEET
BN S HR B (Zang et al. 2011),

R TFRMEEIR S PORBESIE . SRERINHERLZRESFE HRARER
EREMEBERRE—-ITREN BREE, B “ XX ” (interest area) , M\ T 2k B AR 351
ERXBREINBEE, UERHTE . HEMREP, NEBX—BRELUA N BM,H
AT URERMX B (NEE/EREAF) . ERARTRZAEFTRERX (visual-
world paradigm) F, MBEXMAEREFHEFEFPRRERE. BRIBE/LFBEEE A
AEENMEEEEASE 2013) —REP AR EERNVE ERARE.EER
B EERAFB B (e WER R/ F— R R 8RR TRk, B3
{05 B B4 B 88 R B 8 A TH) B9 IR 30 #5845 (eye-tracking measures) . R 88 i [H] £ 7 49 R
[, RE1AF N L BB MEER. EHNRDBREECEEKRERAR
(first fixation duration) ,SEHRET ] /55— ¥ BEAT [B] (gaze duration/first-pass reading time) il
Bk % (skipping rates) , KB FERIET W THE BB B QnFEE R GATTER) . %3
FER ShI8 AR 3% 55 — 38 B B2 i 18] (second-pass reading time) ., [B] ¥ 4% #2 5} [B] (regression path
duration/go-past time) , &5 B% 38 B} [6] (total reading time/total fixation duration) . ¥ #8 ¥k 3%
(fixation count) %, Rt EEEEBEFTM IR FHEHNE. A NFEEHAGRESH
(Juhasz & Pollatsek 2011; Roberts & Siyanova-Chanturia 2013), K& R # B sh#+57T LA
EBMARMETMIS R, FERHUHAORZ B BEHRESRENANREZRARFER/ L
) ——XF B & Z& (Rayner & Liversedge 2011), ZEEBHBsIEEN , ELEUT = SEBH
REMNER. $— BIGEEZS T RZITEIR. Rayner(1998) G5 i , UL E AR — 87 R
RS TR ERER ., ZTRIBHEENAR T ERLES T ERE . FFH TFHEE
HBEHTASM I TR, B, EFRGHBEFEHEFHEYERE, REATS . IRER
SEHARRSIE IR E B SR HBT R H AR, I R 4H8 B 19 SURR K (Godfroid & Hui 2020) .
F=, ARIRBANR X FHE R NRSIEIR WA BERAR, flM, 4MNBXEFEN, B
WHERE ER—MBIFHHEG . BR, Y268 X 2K T 17 0 80 (I E/ES) , XA R
BFRERRIERAR, M, BT E B 68 R B gy A S8 o 8] A 58 3 B 2 [R5 o A~
#5645 (Rayner 1998), ¥ AMRIIIBIF R ELERLE 1.

ReiF AR E“R-REE”ERZ E (Just & Carpenter 1980), IR s B B K
LB M TR, RETS, Sa@ERKNTE SR XN EENTHNZE, X Em®
BRERNKEBROMEMNTZREFFRINAE . EEE, RIVBEARBRREZH
BHATHAESEN_BIBRRIE., BZTHAZBEERAESENER) ,Ra)
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£1 RARFWERRAEY

mIpE R 338 ¥ EX
B R EMET R first fixation duration NEBXAS— TR
. EEHL AT R /58— R BT A MBXEF -RAEFFEEELAHEK
gaze duration/first-pass reading time B &
BhiE & skipping rates MBS B P Bk T Rk
BFXBRXE,BKE I N& KA A E
38 B £ 6T 8] second-pass reading time
VAR EM
e BFMXBXFEXBRXETHYNEZR,
ol . b duration/ . MBEAFAERAHKNEM(EER
r ion path duration/go-past time
caression b2 or B FER)
S PRt E total reading time/total
MBXNFAERANNEER
fixation duration
HEM K Y fixation count B KB A SR E

U E A —E R R R A AR BER S R X HRNBR HEARMEENFLR.

HERATEEHRANEAEZRE . Bk B UBEER TR AR EOHL T RE
BE, B AR RER RS A REESE . KK BRI REAETEETY
R3hHHE . B BFEARKRSIER . HRAERBHESERENERBETMNITHETR
AW, REEBRRHR, EREHRRIT P, MRESEHA S MG R 3 #EH,
BRELE—EBELRE/XKMNANTHAAHER. BE  RIFRZIHFEZESH
F. BTXFRESN IRECBEARDEARAFREREES I /BT UL
EL/BRUGHRPRENTH.

Z GHBRSMEERE

Gt ERRE LR EBOBER B ATERE, AT HF BT REXN BEEE O
BFTHEE. MR, AR EAEEBSENRERENHBIFROREHTHUER.
EFRABHRIT T, HERERBEERFEPOEBEMA. NABFFNEIREAR
MR, KRS RA T RERKERB T ELH.LSTEE), RIAIFREER
KA, BREE T AREEREH . UREER (ZRER) FEL LT HITE
FEXBERTWNEZENTUAERBES. ZHER . TEMNEI-REHFR—EH
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FENATEZROEZSEE., FEAWFAREETFEUEBER, IERE 82
REBETE, FHTEMNH, FREETERBRR T BN RRRERYE, H#
EXSHEMER EEESK., B EREEHEREN . TELSHEESNETHER
AT (P RE)METFHRAITERR), REFESFHUNAERET E, ENRR
YR ERBZSHIEAMYER. Bk, FESTH U EELZRGHE, BWHE
ERBEERTHIMMER., R, FESWREATEERISEEE NS BIE
¥, YAXBEPETEETRMMEBRN, FESFRAEEST . B EBRHEBEEE
B) A ARE THIAMAR 8 VLA 4L, R T 05 22 20 47 0 35 46 5 0 i BE L 38 R B %
Btk IAEAEARRERRE RLARP—MERNEFRMFEEBRST —RAR
THERNBERR, XRAG T EROBETRE R RE.

ARFHFES . REBRARNERNESTRERSATEN KR REHTHEL
B, AFHABEERE ., R, REBAGHNEBCEAATRAREHETRMAR
B, KUBAMNER, BB, BREEEER FHEBELE R E 28N
“BEVLE NI AR A, BT E e B R A BEOL A St R R E A R a2 . (B 8 BN A BE AL
MRS, FERRTFRETRAEHEIBIREHIR, LR, AAERET 3048
DUE B R, FFEMAIX 20 PNFL AT ALK N, MR BRELE TR R
AN ZEZHEALET., BRP—LRBH, —FRLH. HIREBRXNBHRER,
EEHEAEENERAT . JUEEENHICANENNEEFERENER., MREME
FBABMER N XL RIED QBB A, “HEN” R T B & B, 8k
MAH CUFAA) BTSN, XN ERRABEML X WA, gk
UL RN B BTE R BE/ AP ONFAES) PR RN, BB X8t
— 34> R BEHLEREE (radom intercept) FIFEHLSI % (radom slope) . FEHLRIE R R EFY
R BENLA AL, TIREPLBI R R R RS B BEN AL, U EEHBREZR I, mR
MREALEATALHBRNNFEBENEINZR B2 . BRTRRAHEX T B4E
#£OELRAMNEE, RIMNBEREIE MR, 8- N ZRHBNFAR),BA
P BB 2 R AR Z M R BEPL A LB . HP . i BEREN R A #
Sof WU 4 A B AT 18V 3 6 B ) T 39 AR B ZE R R IR 22 1B i B 4, T RS B I BE LR BE R
HENFARSEFREHRPH TR ERRNFHE Z MR, FHLH, B8
BiE LA 284X 2 A9 2 380 B (OB 0 & 9 3R T 31 DT S B B 22 ) 7E S T R 22 ) K AR
(BTN ERK/NTRERRNNEAEGTARENL . BERIEE
AIELL PR 4 B M B & (linear mixed-effects model) F1 [~ X £& ¥ 1B & % M 5 &Y
(generalized linear mixed-effects model, GLMM), M ZEEZEHA THEZBRSES T/
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(normality) F1ETE , L ERBR N . FEERTHEBRAR A ESHHHNER. 4
BERNASREEN (NEREXEEELRSEN, REXMIRBEHE PR,
W] LLAE FR IR A 30 R 22 48 37 3% 8L 8 (mixed-effects logistic model) ; X4 B A5 & R ¥ (n ik
PR EO B, W AT LA IR A %8007 18 #A #8 BY (mixed-effects Poisson model), BRF X &
R, AN BRAEB B E ARSI BB PN,

= Ri&

I

ZHATRANREHREL LR . DHL2E (BEEESA ST TR/
LB, LRI WAETE SPSS.RiES .MATLAB,SAS #1 STATA &, R, ;i FH®
5% FR. GREFERNET M LA RESEERRINAES RN EIBS
B E ARG RS, METFREXBTIH SPSS,R B H B EL IR KT
BRRTFTHREERNAG. —FH. AREEERAHAIT TERLBFENAEL
MEE, 5 —FE, BHERAE—-BET T EREL2AFR. AAELBERIAZS I AAH
Kt (package) REH, AXAMBELERE,REBEHBT R IBHBEAENR
i, ARG RSB LR B RBES . RBEES G /.

M ZitSHKRE

ST RE— RO A EIEEE BB 5% (exploratory data analysis, EDA) .4t
HER.ERFESREXWIEELE, BAUKENBBEEFEE. ¥ THEES
BRI DI E AT IR 3 LR B 7 AT o, LA ik R (0 8B 5 ¥ 8 3t iR 51
MEERBERMRE, TRARE . FAELBEMNES M RN BRIBEHTRE, FB
F—ENHRERRAAGBEHRGINRAESS5ZR RIRBBPRI RASBRK
BImZERRWB SRR ZRONEE., ARER E, HAREEESBEFTREHR 20
—PEREMNBX,HEELNBARG CHBHURENRGFHILBHE. TR
AR TEUNE KRB BERE, FRERT USSR 08 5o, Bag
R K A E BB .

Hiim BE Gt ok B
#z || mx (™| 2m || @y

B1 &tsSHN—KBER
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BERE.BEAEHEESRUTESER. DKKHRESHMER L, FHEEZ
M HABERFAREAH N T RER, FHBEANZ M HEEN KK (long
format), BT, S EMERE SR PR EH P& (missing values), BHHRT,
WG R EF RS —A N RENFEFRMNT I LTREFBA TR, BN UEE I
APJ/LARBZIBHRET . RERESBNHE AT HRABEE K, BB R, BT
F T DX R 2% (8 # AT #E 4P (imputation), ERT ERERZE  MEERENFER
HARBNEE. BIRNRAFEERDMA, BT, 85180 T &R 3 LS R
PEAT N $#E 8 (log transformation) ., M FHRERME  FERREMNBA R AT RE
SR, SRR KB (intercept) KRR ITA HEBRBEN 0 HEEZEBRKIE.
HHEDZREE O XMREGNER S8 I THAHERES SRS, — BBV E
SeAF B AT POk (centering) A0 B, I B BN B MEREZAZEENYE., XH,. &
HERWBERTUEBR I L FTE A EBRFYEN, AEBHRME. HRE, AR B8
FEAOBEHEHEZBR, ATETHTR T AW, ETUXNFAE A ZBHETIRAEL
(standardization) Zb 38 , B R A BB 8 z . RBMBER -1 T RETRE
A A W L AR T B 2 B [/ — AN E AR RN

GHAENTERAZENEZEZHANXR  EEXEHEZHW, —REUESS
LEFERH#AFTEEER. BERERWERERE . (DEELAZTBRZEAMNHEXHE
(correlation) , EHEZ A EXBZARETHFERENMHXE, O THREEXRS5HER
ZHEMER, MEHHETERENAERAARBE; OREZTBRETER. F
ZHREEHTRIT AN EEZRETBE, XRATRY, £A—-NEHRERTE
BVAMNAEITEEEMZ LN, MREHSHERTEENETRE, RLA/HH
GHERRATEN. HEERARNERRR, FERENEHTRREAEAXEENE
TR EREHEEMERXR (inearity) , B2 (residuals) B EF-FIESRSH, LR T EF
¥R B (homogeneity of variance) . £ B EEE K REREFERLT .

ESHEENR . BEENAEREETEMN A HTHEES A ENRAXTER S
. REUHBESNNEHETHE, AHBENFEI IR, — K28 K3)E (data-
driven) 89, — JE & D1 3% 3K 30 & (design-driven) i), Wi HF AR ITREN BBEHPAE
(forward selection) 3% # B % A & (backward selection) A B, B U BEBRBRENS
AR (nested models) , kB BB HER . LHERNEFHEE, FREBNEBNS
BYGIH AR ARER. JFH Barr et al. 201D WAN, GH BEN KB L EREK
SRR E, AEEMBENANNEZEHR AR THEEMLE. dTHERSE
e AR TR 2T, A SORFFE T SO RCBR b 8k R R i IR - S0 L A B 4 R 3 B 38 #Y
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REASE, BURERERRZE HARERERSBAEHPHEHER, MBERKITSE
FRAEERME p H, 2R ELTEESHMTETEY p . B, RHER—REE
(REOEFES R RIBEE L) Y(American Psychological Association 2019) B X #FE 5.
BTG BB LB ENIN, MR, 35 (Norrs et al. 2015) 3R PN IS H HHH IR E
BN B (effect size) IR/D, SHEMBEBRERNGEHER, BIFR AT ERMUBEHA,

7 ERGNERAMERBS K _IERERME

NT BB TR AR R IR A A DI A A HT IR S B B vk, TR X L R
Yi et al. (under review) WIBFFE B, LA RiEF (3. 6. 2 fi4,R Core Team 2015) K%
B ERAKHRES R, EXTHRFT, HRELEE T 7K (word length) , Bk #
(concreteness) Fll i 88 3 ## BE (contextual support) X =P HEHEX HiEI B F TSR
AR BEROEmE. BRI XTRARET EE REXAN T REM
BEAERANEE. FRERAEANEXR G, UPHRAK PN PEREEIE R
B, BET 2 MR N AR EREFELAEN LR B/ BHA. X 32148
B, — BRI, — R ER, —EHEEE, R hHRIE . B MAREATA that
FIRMEEMN TS, K —4 R H B (informative) , B — 4 F K EE (neutral) . HT
FEBEREBIN - AR A EREENBEENTF P, TR N2 FH R
(counterbalancing) ZJFE A BHA, B E R RPN —E#S. SRIFHBE,. 8
BEMERZR—RRASAEREACH - B¥XITE. TRFABE . BRFEAEHI
BREEMM T ERAE FESHEERANE. NEESE5EE BREEEEEH
A TIRCAIANE GRS A X HER AR . TRAR, EREFBTEEL 4
WA FETFER R (Likert scale) RE A ESMERMH BN BERANBEREQ. RN
RBFXA2: BBAX A ;3 RINVHAX AN 4, R XM HERR), FREZFBRX
BHRBEEE. DK AAEENEEIFEN EERESBPHERAER N TE M
Ew: QOQRK . AEEMEEXFEN EXEREMBRERAEFREHIATLHRA
BEW? OZBEENERMERNTEERT MBS ~EEERTIBRN &
TFRIBETR, XN A Yi et al. —XHFENEFAER N T TS,
5.1 HigEa

MEEREFRANERASENEEAIMIAITARRNNBX,HEET EY
MR MRS, Kb, BRI WiVt ) S u R f Bk i %, s
TER 45 5K R PR AT ] B B R M MR . BRZEAN BRANFR, B HE
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BEERAER.BRRAGEE NSRBI BB A KERE 2. Kb, WAg
MRAREREERERT 75%, XRAMMNTRFERZEF I ANERREEFT AL
253k HBEAE, Bl FRAEEIHURROEERBEME. 1HH 2. 3% KK
KEA MR RSB, H X AR B BH BAL I k. 2% A (Betancort
et al. 2009) MBFST, EHE KK T 80 B HBIFERIHEST THER (7. 420, HTHARR
ERERBEFROEBRPEMDI BRER, HERBREER, 8 X80 AT 5% 58 lid L
RES, AEZEFBRAALGH. EREBNE, ZFREANREN, TIER
7, B A H R A LB HUE R4 KX 84 B 15 A K H RIS B (prior exposure) 8 A
Kt —HMHRACMBEE. BERDE, MRENMEAREM/ BELETFHZTRE
ZNRREA BAR A (B E R EE>3) , B A/ #h 76 BT A 37 10 0 1R 30 5 o 8 SC AR & Xt
T . RAZBREXN £ ERFARBDIBEMTLHBREER S HART 7.

2 KRR

B F LB R F & IEA 245 , B LABE 20 38 % v 0 B () CFF ok v B o f) 3 L A ]
SRR E S HENEDRERKNECHETTESR. AK(FRIOMERITE
(ETFERIS, BRI BMXFANBEERBRB N ELETR. RAEISFEZR
B4k #2173, R AN R B HIHT (dummy coding) , U E NS RAH . #HilAELE
EEREMENTEAN BN BEREE BB ER 2 & (covariate) , 0 F“ I
A ERERRNE=DMBAY”(FERFERAE=DATKFE, FUBRL"H
BRKE, #TRBURGE. RIELS, B TEERARRE RL2EH PN FERF K (mean
bigram frequency) , B3 X F K 55 K 7] A8 B W iR & —— L L B K SUE 8 m T, BT KR
B ERHRKEN— T ERBRNATEI 4. FiA W EZE R (numeric variables)
HELST T PO,
5.2 BRER

MREGEH RESHENEERZEMHEXERITT HH, &R 0E D BR,AK,
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BB MEBRIFEZRINHEXERSE HXREIT 0.1, FHNERFBEREGREKZ
BAEFERMEXGC = - 59OKR, UEREAREGH, L EE O 8BxR,HEHR3K
FRRATEREN  FERUXRRE, BRZSAHY, BESRFEFEGE 5. A,
QUEME 6O BR . REREL LHEESSM.

1 L | I} b S

"pearson")
1

[}
S
poriigalt =
°
‘»
o
4 -
T T T T T
52 54 56 5.8 6.0
fitted(.)
H3 BERZEMEXE
-0.6 -0.2 0.2 04 -0.6 -0.2 02 0.6
i 1 1 1 1 1 1 1 I 1 1 1 1
length e
hm - ?
-
o2 “\\'@:/: concreteness
o
25 -0.01 0.01
L - -
o ] ® : g fj'_':f/n_\l—lm
¢ - A <
> P | ; . .:. =,' = s ,'.;: informativeness_score :‘3
WP 0.03 -
e gl L S Al - 5
<
° S H . . . . te e 31, mean_bigram_freq,
s] KA [ Y e By
L=
© . : i 'l = . ? . . s $ ' ;i . .LI
S -l L L
i T 1 Ll 1 'l T - . ‘— ‘I' -l | | T .l. i -
T R T 40 20 0 20 40

B4 REBRMERIE
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4 —
0
©
3
.g 2 -
©
(]
N
=4
@ 0 -
©
c
©
n
-2 -
T T T
-2 0 2
Standard normal quantiles
HS RBAEFERE
§ = $
T »
3 ™~ o
§ o+
®
& o
o-l ©
2
@
o o
E w
o
Q o
S w |
©
2 v |
= <
1
2.0
resid(ffd.base)
e RREESHREIE
5.3 Hial

HTEEAK AEASAERIRENAELBPERAERN TRZHE, FREE
MRS HNBEEAEST T HITa. Kb, AR REERBEREXFEN=Z1A%E,
B30 0 T PR Bl AR CRF R P AL B TR L A B T L B B ) AR S TR Bh R AR (5 R B IR
ot R PR L MR EO R EER. hERGELEFANENRASEMNFRHERRK.
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AT RAGHRE S (powen) , AR ABERXRELBAEE TR, T A EHAE 4%
ZREER BRED . BTEREEARGERN B R, R E AR S H
BEGETR 0. B L, 78 4007 X A0 e 18] B % A 4 R 4k vk IR A O R A, T A3 BT
Bl X H #9 —TuE B (binary variable) i I BB AN BEH H#HA ., £HFE
WK B EHBE R (count variable) B}, MM R R A BB HMER(LE 2), HEX
FEGETHER A i P 38 2 B A3 (forward-model selection) 7571k , B W\ 5% R 88 19 45 314K
MNELEMIFTEANEITEL, R EENEENENBREER (intercept-only
modeDBH , RERKBA G EZRADER., EAULBENL RES K lmet BF
(1. 1—21 JLA, Bates et al. 2015), FIFAH H# anova ML, BREREHEZ
B i~ SEBRERENMBENAE, BEERRREN. 05 KF. I TETFMARE
HERETHRAR EUUEMBERXFENERANTHEW, AT EEL B PN TRER
B TRIFEFEAHET,

22 HRABRHEFEANRBSNERE

BER - " P
B A

el iR KUEBARBER

Z (=] VA

55— 3 B BB ] ;;ﬁ AN FRHRERE

A TR

BT
Bk % AR B Y
WK A B

5.4 SZUHERMHBESHE

RTRE, AR E Yi et al. BFFT A K HR A BN AE 207 B 0k X 90 A i) 9
FHER., ERAPEBHERELH AN ERERGS TAKNBERN, FEETH
AR BELREE . 68 summary X EH, TRREHM ERBEAER WA TSR
(B D,

BERE, SRR IHTERNBIENT .

Formula: B#ERBHAR., IMAREBERTRESERFEFEERN TR EBE
PUBCRE . AR WA RN A, XA BB A T 4 69 32800 B0 i BE YRR BE
MR BEPLEREE . BB AREURE Bk,
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> summary(ffd.best model)

Linear mixed model fit by maximum likelihcod ['lmerMod']

Formula: first fixation duration - length + (1 | subject) + (1 | item)
Data: mydata.complete

AIC BIC logLik deviance df.resid
2487.9 2515.4 -1238.9 2477.9 1815

Scaled residuals:
Min 10 Median 30 Max
-2.8406 -0.6414 0.0213 0.6451 4.6186

Random effects:

Groups Name Variance Std.Dev.
subject (Intercept) 0.029420 0.17152
item (Intercept) 0.001262 0.03553
Residual 0.215125 0.46382

Number of obs: 1820, groups: subject, 63; item, 32

Fixed effects:

Estimate Std. Error t value
(Intercept) 5.587476 0.025026 223.267
length -0.025477 0.008898 -2.863

Correlation of Fixed Effects:
{Intr)
length -0.001

7 BRABBNSITER

AIC,BIC,logLik, deviance, df. resid: X 4 & K B RER B WS H G, 7T LE
HEEERYUSENSE  ARERE.

Scaled residuals: X B &N ERE  UREBEHENTNESERERRPEFEZ
B ZE, A FERE .

Random effects: X B R &R BERBMMBEVEN ., BERRE, A& TETHRAHN
B B8 B R T b B BE LR B, tho o R BB R 2 T A 35 8 YR o R 1) A B A AR
MR ZEMNMEER.

Number of obs: X R EHEBERMAAMNEER, GHETHRA820) HRHE
(63 A Fkhkt/ 1B (32 1.

Fixed effects: B EH A, WM B ERMPEENBERN. SFERE—hE
- 358 UK o A B[R R K B R

Correlation of Fixed Effects: B3R 2B MMHXE  ATERE .

BT Yi et al. BBFSEXT B WA B 34T T X B0 i, L AR R 42 B BN
if, BAF expO BRFHREBIZHM FR, B, REHEHRENS. 587, XMEH
YRKBFHEMNGEOER  ERELRERR, KM ERERET P OoALHE, B
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HEHEMIBYER 0 KRHE, BIRFEMMEDE QW FHE . FAEBREFEEA LY
S KRR | 267 R exp(5. 59)], HRZN & BEH R ¥ H-0. 025, X RAAIK
BHEN—FE  EREVLAH RIS 3% [1—exp(-0. 03)], BEVLBRI XIS, BR
IR E, TUARE . BT E, ™ subject Fl <™ item 4B F 7 i B 8 5 7k B B BEHL
RN (B RA . MR R, FHERKERN B ZARRZE MG ESHREE R 0. 03, 7EH
BEMDZENRIREEET 0. BTFEREHFHBREARAHBRMNARKER,
B, & RSS2 K (Barr et al. 2013) BIE B, A 8 BEHLIRE IR0 B K/, B A
MR R BEPL N B YNA R BEE PR, EHER - BRELTRBEHBIAMUER, &
BERRELB¥S(APAOMBRER, ZREBETHETREF AR siPlot IMEF
9 (Ludecke 2019) ) tab_model Ofr4, Al A B S L H 4 APA B, HH%EE
BIBMApE. RELCXERRNBERXER, TUMBKFTHNERREALRBHRK
K. BEBRMNTUSHETIRBREKIHER.

AEEANARBEPY Imed BAAF SPlot BAG, AR ER RS H A
(linear mixed-effects model) , i# # X, (forward-model selection) # 4, & ¥ A A 33
K AR SRIFEFILEFLARDEIF(FTRBE . NFHEAK), &t 8
R A ,# K (Estimate =-0, 03, SE = 0.01, t =-2, 863, p = , 004) % =& & M i
EENGEREANARLAREYvh, LARL, A REEN-AFH, B L0
HBRERNFE L TR 3U[1—exp(-0.03)],

A GiE

FXRERNAT EAKERESBRB S HFTR BT EEMT L, ERS BT
HERNATRABSARE T HRLAHTHRNEL., BAXIRNBRSBELI TR
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WANG, Yuan: The Framework System and Teaching Strategies for the Discrimination of
“Possible Words” in Modern Chinese

This paper takes the modern Chinese words with “possible meaning” as the research
object, defining “possible words” according to the cognitive motivation of “possible”,
and dividing “possible words” into eight categories from the perspective of the semantic
category source of “possible meaning”. In view of the characteristics of “possible
words” such as great quantity, detailed meaning and close meaning, and in order to
distinguish the usages of “possible words”, this paper establishes a discrimination
framework system from the following three aspects: semantics, syntax and pragmatics.
With the guidance of this discrimination framework theory, the author analyzes the
similarities and differences in the usage of “possible words” in the near sense and
demonstrates the teaching ideas with some examples.

Key words: possible words, discrimination framework, teaching strategy

YI,Wei & LU,Shiyi:Linear Mixed-effects Model for the Analysis of Eye-tracking Data in
L2 Reading Research: A tutorial in R

Recent years have witnessed an increase in the use of eye tracking in applied linguistics
and second language acquisition research, With the aid of eye tracking, cognitive
mechanisms underlying reading and language processing can be revealed. However, this
brings a new challenge to researchers, especially in data analysis. A notable change in
statistical analysis practice is that analysis of variance (ANOVA) has been gradually
replaced by linear mixed-effects model. Meanwhile, more and more researchers have
turned to open-source software, such as R. This tutorial introduces the principles and
procedures while analyzing eye-movement data in R using linear mixed-effects model,
hoping to set an example for the analysis of other types of data as well.

Key words: linear mixed-effects model, eye-tracking data, R, data analysis

CUI, Yonghua: Dialogue on the Cultivation of Chinese Intercnltural Communicative Competence

This is the speech prepared by the author for the webinar “‘Intercultural Chinese
Teaching” Workshop: Cloud Experience and Conversation Series” held by the College
of International Education, Shandong University. This speech argues that the goal of

teaching Chinese as a second language is to cultivate intercultural communicative



